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Abstract 

 

As business intelligence grows, organizations are leveraging data warehouses for strategic 
decision-making. However, traditional data warehouses face challenges with processing 
aggregated data and supporting advanced analytics. Implementing a semantic layer on top of 
data warehouses can enhance business analytics by providing a more intuitive, business-
centric view. This approach significantly improves data accessibility, governance, and 
visualization, enabling organizations to unlock the full potential of their data assets. In this 
paper we will discuss two approaches to build a semantic layer. We will also look at the steps 
involved in the two methods and their pros and cons. 

Index Terms - Data warehouse, Semantic Layer, Views, Tabular Editor, Visualizations 

 

I. INTRODUCTION 

With emergence of business intelligence, organizations are increasingly recognizing the 
importance of using data warehouses to drive strategic decision-making. As the volume and 
complexity of data continue to grow, organizations are seeking ways to unlock the full potential 
of their data assets and align their analytics capabilities with their business objectives. [1] One 
emerging approach to address this challenge is the implementation of a semantic layer on top of 
the data warehouse, which can significantly enhance the effectiveness of business analytics 
solutions such as Power BI and Tabular Editor. 
Data warehousing has long been a basis of corporate decision support, providing a centralized 
repository for integrated, historical data from various sources. [2] This consolidated data 
enables organizations to perform complex analyses, generate reports, and uncover meaningful 
insights to support strategic decision-making. [2] As businesses navigate an increasingly data-
driven landscape, the importance of data warehouses in enabling robust business analytics has 
only grown. However, while traditional data warehouses have proven valuable, but with 
limitations.  
To address these limitations, organizations are turning to the implementation of a semantic 
layer on top of their data warehouses. A semantic layer is a conceptual abstraction that sits 
between the data warehouse and the end-user applications, providing a more intuitive and 
business-centric view of the data.  
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II. BENEFITS OF THE SEMANTIC LAYER 

By implementing a semantic layer, organizations can unlock a range of benefits that enhance the 
effectiveness of the business analytics efforts. The semantic layer can: 

 Improve data accessibility: The semantic layer translates technical data structures into 
business-friendly terms and concepts, making it easier for non-technical users to 
understand and interact with the data. 

 

 Facilitate data governance: The semantic layer can establish a centralized and consistent 
set of data definitions, rules, and policies, ensuring data quality and enabling more 
effective data governance. 

 

 Enable advanced analytics: The semantic layer can provide a foundation for more 
sophisticated analytical capabilities, such as predictive modeling, machine learning, and 
natural language processing. 

 

 Enhance data visualization: The semantic layer can integrate with business intelligence 
tools like Power BI and Tabular Editor, enabling users to create more meaningful and 
insightful visualizations. 

 

 Improve collaboration: By providing a common language and understanding of the 
data, the semantic layer can foster better collaboration and decision-making across the 
organization. 

 
Creating a semantic layer over a data warehouse involves careful planning and execution. This 
often includes using technologies such as metadata management, data virtualization, and 
semantic modeling to form a cohesive, business-oriented view of the data.  
 
 

III. METHODOLOGY 

We will discuss two different approaches that can be used in order to create a semantic layer. 
 
3.1 First Approach: In this approach, we will extract and transform data from various sources, 
organizing it into fact and dimension tables in the database. We create base and aggregated 
views to provide a simplified, business-oriented representation of the data. Finally, we integrate 
the views as semantic layer with Power BI to enable data visualization and insightful analysis. 

Step 1: Database Layer 

Objective: Ensure the data is well-organized, clean, and optimized for analysis. 
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 Data Extraction: Pull data from various sources (e.g., transactional databases, CRM 
systems, third-party APIs) into the data warehouse. Use reliable and scalable data 
extraction tools to handle large volumes of data efficiently. 

 Data Transformation: Cleanse, transform, and integrate the data using ETL (Extract, 
Transform, Load) processes. Apply data quality checks, handle missing values, 
normalize data formats, and perform necessary transformations to ensure consistency 
and accuracy. 

 Data Storage: Organize data into fact and dimension tables in a star or snowflake 
schema. Design the schema to optimize query performance and support business 
requirements. Implement appropriate indexing and partitioning strategies to improve 
data retrieval speed. 

Step 2: Semantic Layer 

Objective: Define a business-friendly, unified view of the data to be consumed by Power BI. 
Create views that provide a simplified, business-oriented representation of the data and  

 Semantic Modeling: Create a semantic model in power BI using view that maps 
technical data structures to business concepts. Define measures, KPIs, calculated 
columns, and hierarchies to facilitate user-friendly data exploration. 

 Metadata Management: Maintain metadata that describes the data, including 
definitions, relationships, and hierarchies. Ensure that metadata is up-to-date and 
accessible to users for better understanding and trust in the data. 

 Base Views: Create views that represent can be further consumed. Ensure that these 
views are well-documented, maintainable, and aligned with business logic. 

 Aggregated Views: Develop views that summarize data according to business 
requirements (e.g., monthly sales, 3 months, 6 month, 12 months gross total, customer 
segmentation). Use aggregate functions (e.g., SUM, AVG) to compute metrics and 
reduce the need for complex calculations in real-time queries. 

 Security Views: Implement views with security measures to control data access based 
on user roles. Use row-level security to ensure users only see data relevant to their roles 
and responsibilities. 

Step 3: Power BI Integration 

Objective: Connect Power BI to the semantic layer to enable data visualization and analysis. 

 Data Connection: Use DirectQuery, Import, or Live Connection to connect Power BI to 
the semantic model. Choose the appropriate connection mode based on performance 
requirements and data freshness needs. 

 Data Modeling: In Power BI, create additional measures, calculated columns, and 
hierarchies as needed. Ensure that the data model is optimized for performance and 
supports user-friendly analysis. 
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 Report Development: Design and build Power BI reports and dashboards that leverage 
the semantic layer for business insights. Use visualization best practices to create 
intuitive, interactive, and visually appealing reports. 

 Performance Optimization: Optimize the performance of Power BI reports by using 
features like aggregations, incremental refresh, and optimized DAX queries. Monitor 
report performance and make necessary adjustments to ensure fast and responsive user 
experiences. 

 
3.2 Second Approach: In this approach, we will extract and transform data from various 
sources, organizing it into fact and dimension tables in the database. We create views to 
simplify and aggregate the data, followed by developing a semantic model using Tabular 
Editor. Finally, we integrate this semantic layer with Power BI for efficient data visualization 
and insightful analysis. 

Step 1: Database Layer 

Objective: Ensure the data is well-organized, clean, and optimized for analysis. 

 Data Extraction: Pull data from various sources (e.g., transactional databases, CRM 
systems, third-party APIs) into the data warehouse. Use reliable and scalable data 
extraction tools to handle large volumes of data efficiently. 

 Data Transformation: Cleanse, transform, and integrate the data using ETL (Extract, 
Transform, Load) processes. Apply data quality checks, handle missing values, 
normalize data formats, and perform necessary transformations to ensure consistency 
and accuracy. 

 Data Storage: Organize data into fact and dimension tables in a star or snowflake 
schema. Design the schema to optimize query performance and support business 
requirements. Implement appropriate indexing and partitioning strategies to improve 
data retrieval speed. 

Step 2: View Layer 

Objective: Create views that provide a simplified, business-oriented representation of the data. 

 Base Views: Create views that represent basic transformations and aggregations of the 
raw data. Ensure that these views are well-documented, maintainable, and aligned with 
business logic. 

 Aggregated Views: Develop views that summarize data according to business 
requirements (e.g., monthly sales, customer segmentation). Use aggregate functions 
(e.g., SUM, AVG) to precompute metrics and reduce the need for complex calculations 
in real-time queries. 
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 Security Views: Implement views with security measures to control data access based 
on user roles. Use row-level security to ensure users only see data relevant to their roles 
and responsibilities. 

Step 3: Semantic Layer with Tabular Editor 

Objective: Define a business-friendly, unified view of the data to be consumed by Power BI. 

 Model Development: Use Tabular Editor to develop cubes for semantic model that 
maps technical data structures to business concepts. Define measures, KPIs, calculated 
columns, and hierarchies to facilitate user-friendly data exploration. 

 Metadata Management: Maintain metadata that describes the data, including 
definitions, relationships, and hierarchies. Ensure that metadata is up-to-date and 
accessible to users for better understanding and trust in the data. 

 Create Measure, Calculated Column:  Create measures and calculated columns to 
aggregate data. 

 Data Virtualization: Implement data virtualization techniques to provide real-time 
access to data without physically moving it. Use data virtualization tools to create a 
unified view of data from multiple sources, enabling seamless access and analysis. 

Step 4: Power BI Integration 

Objective: Connect Power BI to the semantic layer to enable data visualization and analysis. 

 Data Connection: Use DirectQuery, Import, or Live Connection to connect Power BI to 
the semantic model. Choose the appropriate connection mode based on performance 
requirements and data freshness needs. 

 Data Modeling: In Power BI, create additional measures, calculated columns, and 
hierarchies as needed. Ensure that the data model is optimized for performance and 
supports user-friendly analysis. 

 Report Development: Design and build Power BI reports and dashboards that leverage 
the semantic layer for business insights. Use visualization best practices to create 
intuitive, interactive, and visually appealing reports. 

 Performance Optimization: Optimize the performance of Power BI reports by using 
features like aggregations, incremental refresh, and optimized DAX queries. Monitor 
report performance and make necessary adjustments to ensure fast and responsive user 
experiences. 
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IV. RESULTS 

When developing a semantic layer using the approach of Database to Views to Power BI, you 
benefit from simplicity and a lower learning curve. This method allows for a quick setup, 
directly connecting views created in the database to Power BI. However, it has limitations in 
handling complex business logic and may face performance constraints with large datasets due 
to the lack of advanced optimization techniques. Additionally, managing views directly in the 
database can become cumbersome as their number and complexity increase. 

On the other hand, the Database to Views to Tabular Editor to Power BI approach offers 
advanced modeling capabilities and enhanced performance. Using Tabular Editor allows for 
sophisticated semantic modeling, better performance optimization, and greater flexibility in 
managing complex business requirements. Nevertheless, this approach involves higher 
complexity, a steeper learning curve, and a longer setup time due to the additional steps and 
tools required. It is suitable for organizations needing advanced analytics and optimization but 
may require additional training and resources. 

 

V. CONCLUSION 

Implementing a semantic layer on top of a data warehouse can significantly transform how 
organizations utilize their data. By offering a more intuitive and business-centric view, the 
semantic layer makes data more accessible to users across the organization. This enhanced 
accessibility means that teams can easily find and use the data they need, leading to more 
informed decision-making and better overall efficiency. Additionally, the semantic layer 
supports advanced analytics by providing a consistent framework for data interpretation, 
which allows for more accurate and insightful analysis. Furthermore, the semantic layer 
enhances data visualization by integrating seamlessly with tools like Power BI. This integration 
enables the creation of clear, interactive reports and dashboards that are easy for users to 
understand and interact with. Improved data governance is another critical benefit, as the 
semantic layer enforces standardized definitions and usage of data, reducing inconsistencies 
and ensuring data integrity. Finally, by fostering better collaboration across teams, the semantic 
layer helps organizations leverage their collective knowledge and expertise, ultimately driving 
innovation and growth in a data-driven world. 
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